e

k'-‘<

| £y .8
©2026-03-23 | ;% ’1 ?‘
Y £3 . f'y

)
51
i

6H'él-’.‘-’il/ Al§4

TC2026 Eot=7|

- | SKZ2 S2IZ Al Al B!



L
COIT"GIT"S SK"‘:’ecurities

03 L olmaj of|sHLC}

07 oliH|C|o} & olma} 2ol ?

19 Folmat2 WA Agent MY

22 NVDA: 4%E 7HX|E Buy

3 Appendix: Vera Rubin AIZ 744




b

>
SK ‘securities

Chapter 1
T ol x2l= of AL}




SWHWE= 18 <
SK

AgentA|CHE Z4HAIZ Vera Rubin

Gen. Al HEQ[ AILHE H ChatGP T Ampere SIERIO 2 JHEE 0| Hopper M[CHO|A] 2F4t

Reasoning AILHE A 012 Hopper®|M JHHE & Blackwell = 2t

Blackwell2 JHZE Coding Agent(Claude Code)= Vera Rubin®|AM ZHtS QHE 4%t

F& Al ME Hejer Qlmafol et

2022 2024 2025

Generative Al Reasoning Coding Agent

CLAUDE

T T XS TN TN TN W e w———

- y.mﬂﬂﬁi%i

—————— T T T XS X

FEEEDRRRRNRRE])

Hopper DGX Vera Rubin Superpod
Blackwell NVL72 Rack

Ampere DGX

AtE: SKZH
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2025EA7A| £ Al MH[A= R
2023 ChatGPT 7%, 20263 712 WAU 109E &= 1 85X Al ME|A = oF%}

202642 Coding Agent EH4H2| &

2026'A Claude Cowork, GPT-Codex 5.3 3%, Coding Agent Al&

AT d5e Fo = ‘1tz 7HM + LLM ME|ALF ARHE|H H24d 7

OpenClawe %°1E! Coding AgentE H|AAME M 7H55H| 3tH EF2 A{LHLt
OpenRouter ?|Z EZ AIEY 571, 7| J3ZE 20 SHM H100 #IE 7148 CHA 57F F=A|

Coding Agent 283 2026 A%2E & H100 Rental 7tZ(Z}), OpenRouter EZ AHEZF (L)

Claude Code GitHub Commits Over Time

24012 2503 25006 25109 25112 26/03

A& : Nvidia, SKZ# A& : Bloomberg, OpenRouoter, SKZH
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Q3 ARk Afo|: ME = K|, Agent =
AME AICH HI2IX | HE= MMLU - GPQA &2
Agent AL HItA|H= WebArena, METR

OpenAl, Amazon £AI &fQH Stateful DC H'E =&

OpenAl, Amazon©ll $50B FAtHtOH 8H7F 2GWE| DC AHE €Y

Sl DC= 'Stateful Runtime, Frontier, Advanced workloads' - &0 2 f%
Stateful Runtime AgentZt @2l Y 4 U= A 245 [ Frontiere= 9[0T
ZEMOZ OpenAl: 7|1E ZH FEZ O|FH Azure MH 2 AgentE E

MEZ2 Agentol|?| o] SELIC| EY & OpenAl, Amazon IIEL{ &3} New DC

Agents - A New Computing Platform 202614 28 278 B

OpenAl2} Amazon,
ety OEL A B H

» EMUEESI 427

A
* Amazon Web Services(AWS)2t OpenAli= OpenAl 2E 2 TE&| 1= Stateful Runtime
Environments 25 &304, 0= Amazon BedrockOi| A M| = €|0| AWS IIMo| T2 M
22 A Al O Z2]H 0| HOIHES =8 £ QUEE X JTLICE

A& : Nvidia, SKZ# At : OpenAl, SKZH
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= XMz ajojod xH
71E MIE 2l B KT
Grace Blacwell M| E 2}21H EAH: 6 Chip, 3 Tray, 2 Rack
2! CHR[of|A] 24 k@] T2 =9F NVL72 Rack Scale THI H|Z F7}
Rack TH| THHZF SOLIHAM Network AFESE OiE HIF 57t

Nvidia Grace-Blackwell 2}21¢

w [®

BlueField-3 NVLink-5 Spectrum-4
Switch

r_—.ﬂ.‘._..
W s

NVLink Spine Compute Tray NVLink Switch Tray Spectrum-4 Ethernet Switch

ETT SaETT KT T a".;}".:l"il-‘t:.‘—.;r"-:r‘.::r"

i

T
WA
I
NI

AtZ : Nvidia, SKZH



Vera Rubin 21 .

Vera Rubin 2121¥: 7 Chip, 6 Tray, 5 Rack
23 Chip(1): LPU / 213 Tray(3): Groq Tray, CPU Tray, BF STX / &1t Rack(3): LPX, CPU, BF STX Storage

0! AMlE 73] 1) VR NVL72 Rack 2) Spectrum=-6 STX. 4l =2 FL2 CSPL| £+ & TSHHE O}
FIE MR SR BE Agent FEO|| E3}

*&WEl BluePrint SuperPod 7IZ Rack, Tray, ChipS /A ¥ H3E Appendix 22

Nvidia Grace-Blackwell 2f21¢

i »

Rubin GPU Vera CPU NVLink Switch Spectrum CPO Grog 3 LPU

Groq 3 Compute Tray

Vera Rubin Compute Tray NVLink Switch Tray Vera Compute Tray BF4 STX Server Spectrum Switch

[ EFEETE TR LREECRERRFULTE

i

At& : Nvidia, SKE#
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45 R|B Ol5ll: Throughput & Interactivity .
Agent Mgt 4l X|B M|A|, Throughput & Latency
ME AICH AlQ] 23 X2| XX (GEMM) &= thedtd FLOPS, HBM CHE X § T & d5 @139l Qla2t Ad5 Hlu ItE
2L} AgentE= X2] X T (long context, tool use ). YH|C|Oot= HIX|OIRZ |nteractivity CHH| Throughput 22

Y&: Throughput(TPS/MW), 2 ¢ =348, 5

X&F: Interactivity(TPS/User), 2 &% A0 O 2 2T EZ o5, & ZHOfA E‘l W2 context MlE (LFE AMH[A)
oI ZM: Throughputzt In’rerac’r|V|’ry9| 22H trade-of fE 2|0|. O|= Batch-size, decode £, LHHE THA| Fof| 2|¢t
= TPS/User= 52 Latency E MFEH TR EZO = 71 Reasoning, T B2 tool use, guardrail2 7H57[&

XZ=2| Free~Premium #2t2 &4 ChatGPT2| Free - Plus - Pro - Deep Research E LA 442t Ot

Nvidia AMICH GPU SHUA] Al H| 2 Rubin NVL72 Throughput & Interactivity 2

or

o5 - MFPSPFLOPS MHBMTB/s

20 A

10 +

o

H100 B200 Rubin
A2 : Nvidia, SKZ3 A}Z : Nvidia, SKZH
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Frontier edge EHIIE 9|Pt Extreme Co-design

High Interactivity ftZHlIA| i &5, 108] o]e| H/gH]| 7HH

(long GPU idle time)
o-SWE THA|ARIOC 2 Zto| x[Xy}

TPU/User?t 2 MM g 50| o 3A| 74, 0| 3= TPSE =0|= 720l GPU idle time®| &47| ME
VR QIE2}= Blackwell 2= 20| AHRUE TPS £F7HA| = 715, Premium 77+ 108HS] T/dH| 74
ChatGPT2| Deep Research?t 20~60&4] AXH 0| f+= GPU, HBMO| FA| ZoiAM 7} OtL|RUCH= A

Interactivityll It2} 7120] FREEHUE ChatGPT MH|A

Free Go Plus Pro
EL R R g RS TUE OIS BHE2 FA U= OiRt DF AW VAR YU BY ChatGPT2| HA% 7|58 2F M3sHe
B

Us$0 = us$s = us$20 Us$200 =

v BATY Y GPTSIARIN O|E ¢ Fres BHS 2E 75 ER ¢ GoBWIDEI|sZW © Plus B0 28 71s 28
v MUE SN Y gRE
~ wEoID LE ol v BEIYPWGRTSIBE 0B v TaEEsy  GPTSA4EOI8E BE7NE 58
o HEE A 2 v dESsdsc VAL DL T-LA ]  GPTEAYUTIY e S
v MO R B AE v Hpedsces 23 s ololx My AR OIIX 8 U ME M2 45
v HESoNNagEs v HE AN L HOINE R oy v HEENNYHOHE RE AW B
WACTEL N v SEEARa pEae v D YHAAE HY BE
v EEME o0 S REY GPT v EEME 0 Y, WEH GPT ks 07
o/ Codex®OHES Sora W 44 v SomEN#Y S HY
NARTCEETET  FHET ATE NHOH: Codex MO|HE 7
]

o MAlsauM ey

GPU idle time

AtZ : Nvidia, SKE#

Batch 1

AR
B e —— PR ;\

CPU Dat Dat Dat
Proc:s:ing “ Proc:szing idle SEs Proc:s:ing
GPU idle idle
= without pipeline

Batch 1 Batch 2 TR BatchN
~T P —" gl N

r—
CPU Data Data Data Data

Processing Processing Processing LR Processing
oru | w
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1 0l OO OFA{ A
oHd X1 T O |_I- OO 7" —
Compute Tray T A|ZHEES
LHE A[0|E2 §lo ! 2& 72t board to board connector® HESH= X
20257 GB200/300 Compute tray LHE #o|& & T A3HK|, THAF &40] B2 2t 5 = O
VR HME B8l 2 A[ZHO| 5RO = Th(vs GB 2A12H), T8 Al2[E P4 Sl o e AE“ﬂOﬂHE H g2l
T 7= 7H

CPOZ 2% oFdd &
Scale out &2l Spectrum-X AEE CPO M&. T/d8| & M/ X SHE HHMOZE 2
FEOZ NP, 2 T M2 WIS E oo T
k T 3670 B == 2 TAM

(o)

Xl

H
SemianalysisOl| = T/JH| 712 TA| S 2{AF 7|-- 1%
=. Scale up &2 %A Rac
Spectrum-X Ethernet CPO #

Al$2 Scale up 27 ZICH, NVLink 8 Optics(2028) ¢

AHo|E, T A, O] ¢l= Vera Rubin Compute Tray

NVIDIA Spectrum-X Ethernet
Co -Packaged Optlcs

Scale-out and scal

ries

+ 102.4 Tb/s Scale-Out Switch Infrastructure
+ Co-Packaged 200G Silicon Photonics
+ 95% Effective Bandwidth at Scale

NVIDIA Vera Rubin Compute Tray

No Cables

No Hoses
5X Application Uptime

5X Power Efficiency

No Fans
10X Reliability

At& : Nvidia, SKE#H

AtZ : Nvidia, SKE#
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SK securities
LPUZ? On-chip 22| A= ZXX|H g0t AL
LPU &2 On-chip ZI&2 & ¢ttt 22| S oF & LHof| ¢
SitAefo 2 M2 82H(500MB vs HBM4 288GRB), HZ(150TB/s vs HBM4 22TB/s)
2 LPUZI 3% B HitQ| 25% &S B E /\Q

LPXE F7I2 APIH Premium AMH| 27} 7H5SHEILICE

BatchE 32| 7|2 4 8= high interactivity 712H0IM GPUE HEAE] Y& 42|7] 9|32 H decode HE/F X5t
21Z2t SWQl DynamoE %l Prefill/DecodeE &2/, H{2&XQ! decode &= LPUZt X{2[0t= 744
Rubin+LPX &8 Al Rubin Th= CHH| 1735 ME|AQ] T/4H| 55 (10x—35x), TIA 0|72 P MH|A T A5 7t

On-Chip SRAM = Higher Interactivity 2t2| Throughput tHE 357}

NVIDIA Groq 3 LPU Chip Architecture

Tensor-First Compute - . Ultra High SRAM Bandwidth

MXM VXM 5°939M"B | E.Inrse.l:Brlks

Chip-to-Chip Interconnect

112 Gbps

NVIDIA Grog 3 LPU,

Figure 3. NVIDIA Groq 3 LPU chip architecture

ALZ  Nvidia, SK3H / 3 MEM=0I22] 2t LIBIA|S At AQIA]  Nvidia, SK3 2




SRAMS= MH HBMS B MAIEN? (o

H 22| Z|X2t= Al ME|A MG, 1AM 0 2 A 24N 0 2 A| 2 A0 H4A
GTC Analyst QnAdIM 23 L2 HE O 2 YA EAAISY| AEH 25
Bofa Analyst, SRAMO| HBM=Z cannibalizedtA| ¢=A| HE

Lo EHAL "cannibalize®| Ot:! upsell’, SRAM Z-&&2 §HAl0| oLl =T} THIHZ Q14A]

_U
>
rr
>
10

>

Q

X
njo
HH
o
rr

(0]
=]
i}

Throughput/Interactivity Trade-off& 18{% FL L
1) ChatGPT DeepResearch&e GPU+HBM ZgTto =

2) SRAMO 2 DeepReseorch EHO| WElA|H AH[R} S —

3) WLE DeepResearch®l| THESIA At ChatGPT 0|8 — 7

GTCOJZ Analyst QnA DynamoS S8l Decode FNN £22t L P X7} X{2|

%W (Mlz20l Hd)

Tokens per Watt Drives Factory Revenue Performance D

NVIDIA Dynamo Vera Rubin NVL72 Grog 3 LPX

Prefill

GB300 NVLT2

10).¢ B
Higher
Perf | Watt

1t Remaining
Token Tokens

KV Cache .

InferenceX
[ -”&m-

AF2 : Nvidia, SK3H A& @ Nvidia, SKZ#
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MA|HE S AL FAL Cerebras

Cerebraste oI St HMA|IE UMY L-86H= X (Wafer-Scale Engine=W SE)Z AMA|H %[ %9} 3

2™ SRAM 44GB(vs LPX Rack 128GB), tHEZ 21PB/s (vs LPX Rack 40PB/s)

HE & 71222 open-weight &2 2HO| decode =7 Grog-3 CHH| 22

22{Lt O|= Dynamo SWZtLPU £33} decodeTt £{o| 37| O| T K|, AIH|C|o} HEAH|OM Q| /d52 O| 2Lt =

LPX T2 Cerebraste| 4 F7Yo| He 2 A1
2026 12 OpenAl2t 750MW Compute A2 A|Z, 0|0] 2 MH|A &8 F (Codex-Spark)
2026 38 AWSS FA IE LM DCO| CS-3 HiX| ¥ Bedrock A|5. Decode £& F20f &8 9|7

Cerebras WSE-3 gpt-oss 7|& FE £ H|W (2025.08 7|F)

. ] | .- . L
Cerebras Wafer-Scale Engine (WSE-3) gpt-0ss-1208 (low) Model Companison VBRI SR ST FT

The fastest Al chip on earth
SPEED END-TO-END RESPONSE TIME

Output Tokens per Second; Higher is better Seconds; Lower is better

4 trillion transistors
46,225 mm? silicon

900,000 cores optimized for sparse
linear algebra

5nm TSMC process

125 petaflops of Al compute
44 gigabytes of on-chip memory
21 PByte/s memory bandwidth
214 Pbit/s fabric bandwidth

X2 : Cerebras, SKAH At& : Artificial Analysis, SKZ#
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Agent AlCHO|| &

El‘ ~ 7-I 2:

olma}

ki

Sots

GPU CHE| THE, 83 A730] MBSl

ofx| AR|xf! 2

=80 R E 82 1{M2 BlyeField-4
BF-4+= O|7 MICH CPUQ! Grace & 28
BF-47} 2oq8t2 I+ 3 ?:1—'?—7PQEE|7<| HE

GPU ‘g5 &7 Cib| M= 2] 27 0fef,

-1,

= 1

KV cache/context=

244 0]52H, BF-47t 4

Memory wall

BF STX

2 X 2|5t= "FHEHIAE

- =1

Memory wall S{Z0| T H
|2 ZEMMZ ApFe Aoz =7

2t 282 9ot RAINE

e

HZE|  AER|X| Mg
7|Z& ICMS(Inference Context Memory Storage)’t GTCE 7|2 CMX=Z 2[HZHT El 7

st

= 0,

37H E|of M| 2 2[2] X[}

ol
0| o

Sz F

el Vera CPUS| &
E, Al Factory LS| AEE|A|E HEX O = £tE|

E} 2H'

Sk?b

2H
& (S &E0|1E 2|1F)

Ct

=
LB |

3-TIER MEMORY ARCHITECTURE

Optimized Data Flow & Processing

LPU

“  SRAM

Rubin GPU

HBM

Storage/Cloud

AE:

COMPUTE MEMORY CAPACITY/
LIMITED ERA BANDWIDTH LIMITED ERA
18T
o Memory
Wall
18B
1M —
2014 2016 2018 2020 2822 2024
AR Youtube(QF

Sandisk, SKZ#

2359), SK



New 21Z2} MAH 3: CPU standalone SK’P

GPUZE #l5il CPUZL EQstct
CESOllM FE&R2 CPUE ¥FF =51 1%|E S HOCt A5, o[ GTCY[ Vera-only tray, Standalone CPU rack EA|

L-_—- O L— oT =
Agent 7101 U CPUZI 2] 11 /d50| E[A| ZSHH GPU idle®| H4Y. Agent AR | LAAEL[0|H e 5

7|12 2 GPU - 1CPU 12 &= ZE0HA| %2 GPUZ} H2{ CHE Vera 200 MH|A & 4~ QUEED AF

o QIEil gk AIH|C|opPH M?

—

Core 7t Ot HIE T Thread, 1/O0 &%
7|& CPUSZ vCPU YEH= BHELS}Y| R[5 B2 30| 20| 5. Veras= Agent ZHIZ 2ol CHEZ0|| &5

= -

SOCAMM 28 L PDDRE oG CHHEZFO| 2| x| 10 AIQF CPU ELC} 3H| &2 &

GPU A5 4 Ci{H] 20| B%] 0|2 CPU wall Vera®tCHE Hyperscaler CPU AT H| 1

HE N £ Thread &+ 022 LYY= COfx® I/0
1,000X
i 1ovears Vera CPU 88 176 12TB/s 1.8TB/s
Xeon 6980P 128 256 845GB/s 378GB/s
EPYC 9965 192 384 614GB/s 504GB/s
Gravitond 96 N/A 538GB/s 378GB/s

A& : Nvidia, SK3H At& : Nvidia, SKSH
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2027'42 Rubin Ultra, 242 Kyber Rack
Y #H9= HBM4e, NVLink 7 Switch, LP35 ¢ 18[0| =, SHM HYb= Tray 3 2 [AXRO| B9} Kyber NVL144 M&
20282 Feynman, 227! 21 9iX|0F
NVL1152 2% =8, NVLink 8 CPO = =8, 2= & 70 (BF, CX, LP40 T)

Oberon OF7[HA{(NVL72) &H(Z}), HH(F) Kyber OF|EIX{(NVL576) &H(Z}), RH(S) Kyber Compute Tray

\ I = = {1”@ i 0

il
?T‘! -

12

NVIDIA Kyber
Compute Blade

Atz : SKEH

Kyber Switch Tray

At SKSH Atz SKSH
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ME2 HM Agent=B2B SW

ChatGPTZt EA|E Z=7| 7V 717} Bo| 25T 7|Y2 Google, Generative Als ZA AR A AHE0[U 7| IHE
M2 Googling £ & MH|A, PR HE2 104 0|42l WAUE E*E?\QQLPQE |

Coding Agent?Zt 240IAL 2171 Z25E|12 l= 21 B2B SW 7|HE, 7IE0E =2 A|=0

Claude Code, Cowork, GPT Codex = M2 A& CHH| =2 B2B H|F, &2 '|Qr =

X1 22t Anthropic
Anthropic & OpenAl CHH| WAU £ 300 Hi HOL} 2026 3& 7|& ARR AIO|= 25% LH2| (ANT 19B vs OAI 25B)
Anthorpic®| =2 ARPUE AT A|2] XIo]of|A] H|ZE, & 0|8 3417t B2 OpenAl LHE| Coding Agent 9417} B2 %

Coding Agent2 E2% 312 AFE A7 B2 Anthropic OpenAl, Anthropic ARR 9|

(icra)
30,000

Anthropic OpenAl
Model pricing
The following table shows pricing for all Claude models across different usage tiers:

Base Input 5m Cache 1h Cache Cache Hits & Output
Tokens Writes Writes Refreshes Tokens

Model

Claude Opus 4.6 $5 [ MTok $6.25 [ MTok $10 [ MTok $0.50 | MTok $25 | MTok
Claude Opus 4.5 $5 [ MTok $6.25 [ MTok $10 [ MTok $0.50 | MTok $25 | MTok
Claude Opus 4.1 515/ MTok $18.75 { MTok $30 { MTok $1.50 f MTok $75 [ MTok
Claude Opus 4 515/ MTok $18.75 { MTok $30 { MTok $1.50 f MTok $75 [ MTok
Claude Sonnet 4.6 53/ MTok $3.75 | MTok 56 [ MTok $0.30 | MTok 515 MTok

Claude Sonnet 4.5 53/ MTok $3.75 | MTok 56 [ MTok $0.30 | MTok 515 MTok

25/06 25/08 25/10 25/12

At& : Anthropic, SKZ#
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Token = Revenue, Throughput(TPS/Watt) = 23

Me2t2 CES, ML HO[ O|0] 'Token = Revenue'= CHA| Z2

Coding AgentZ}O|0] TAM $2T29] SW £ E EAl & Token?| BIEI}E H4

1) T3 N2 % 2) ME|A FRY A Throughput = Token ZHdH| = Of

Throughput®| &2 ?|gE2 H B2 TPSE |A A IS 7f= AMH| A SR} S5

Sl E5° =2 Throughput ?|¥2| Coding Agent?t 150t BHZ H HZA| o B2 A
T Shopping Agent, Palantir-Like Z2&0{|A{2] '?'-Iigi—r A2l = Throughput©| & AMH|A SHALE &H

Z8 Al Labs 37 %%t Shopping Agent

B2C Al Models Agentic Shopping Levels of Autonomy

® 0 Illllllllq E !

0

Nothing Yet Research Advanced Full

Agent assists s Level 2 plus Buy Autononty

users with s, merchant agent handles e us Level 4 plus full

researching availability a payment step of advan automation, no
products, makes icing to nsaction : multi- human

recos o paynavd wakd involvement -
B2B Al Models cnod | B3
inte v eeds
urchase rdevs of
repl shabl

works internet-
wide

W "
@openAI Gemini XAl 00Meta

. W
@ o0penAl Gemini A\Anttropic XA

Az : SKSH Al& : Retaligentic, SKZH
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OIZl J|UE2 Al &8 XT| 1Y

=
0]2-93 7/9f 71Z IT ollat Yo Y o4l Public Cloud EY7|2CH & 8| Al = R&D HI8OZ AR
o

Al E2oll 4 591 B2B SW 7|%S B TS 4HE <M I/RPO HFE 7
SR ARl 2L motol%, HlO|E W, 912 BE, 7|g] 2utEe

SHA| H5& 2[5l Al Labsk Palantir-like 22 =¢! 5,

A =, 1 =1,

210 5| YaRCo| Al EH £
{2{7}R] SW AH|A ZA|
= NemoClaw, 7|& H[O|E{ ¥2L EE cuDF, 27} HIo|E| EEZ |8t cyV'S

Coding Agent?t E{Z =
AH[C|otE 7|1 Al =4S 21
QAAEZ0|H HOHEZ =T

A M 9 E 30|

Enterprise Al ¢ 3} T4 0|=2-8% Enterprise IT Gl

(%]
Enterprise Al Journey - A Roadmap b -

6 Institutionalize Al /
Integrate Al into the organization's > S < (12-24 months 4
culture and processes NS = (ongoing)
Public Cloud =¢

Expand Al solutions i
|] across the enterprise AI E(g ,\IEI-

—IT Budget Yo

4 u Pilot Solutions

Implement and refine
Al solutions in pilot proj s

Create and test
quick proof of concepts

3 u Develop PoCs

Assess and develop foundational
Al skills and infrastructure

2 H Build Capabilities

1 I Al Vision & Strategy

Establish a clear
Al strategy and vision

AIZ  EpochAl, SK3 M : MorganStanely, SKZ#




e

>
SK ‘securities

HISH= Al Labs®| Ho| B2CollA B2BZ gt

GPU DC #34[2!: B2B AH| A2 O|F

Rt AH1Z (if AR LLM AL s EG)
Al Infrastructure

Cloud Service
Provider Al 7ot SW

<A NVIDIA | =™ A Azure @ SADg A= VTP

: . 7|E MH|A Z
£ Google Cloud servicenow |& AMH|A 7t
e LS H|-g HZ

AR )
tsmp e ORACLE O theTradeDesk

—— SK hynix Q_‘{‘{;‘?, <

CoreWeave oloat

&9 VERTIV. G S A 28
) A2, ol A Al Me|A
Foxconn

‘Summncn; @
QuANTA | czams G Openal
ANTHROP\C

© BROADCOM Grok LLaMA A BIC AEIA AIZ

ey 0 Meta

ZLUMENTUM Gemini

AtZ: SKZH




New SW &4 1: NemoClaw SK’P

2|22 Z|CH Star /8 MH|A, OpenClaw

OpenClawE HIAXE F3H Agent, Computer useE 25 7+55H| siF& QAIAER|0|M 2|0]0] AMH|A
20253 11 EA| o|Z 37HHTHof| Z15{EH AEF QR EHd, F7HE-FEA 2000HY

%= Alibaba Cloud, Tencent Cloud, BaiduZt OpenClaw & TAR AH|A ZA|

OpenClaw?| 20}30[AL I M A{H|A ZA|

OpenClaw HO[E{Qt S2 FHROH HEE|= AW A|AZQITHE HOot o5 F[of, FHRITH J/dol HHOoIR
Nemoclaw OpenClaw®| HetHH =22 Aol + Q. F D&l + Privacy Router A& A| 2212 E 2128 It
HAIN O 2 717 W2 Github Star( 91 7|5 7|¥-& OpenClaw, NemoClaw 374

Announcing NVIDIA NemoClaw Reference OpenClaw

Star History
NVIDIA Agent Toolkit for Building Specialized Agents

= @ openclaw/openclaw |
facebook/react |
m ® torvalds/linux

o
<
s

+

[}

2
3
4

x

(G}

2012 204 2016 2018 2020 2022 2024
Date 3 star—history.co

AIZ : Nvidia, SKZH At& : Nvidia, SK3#



New SW B34 2: cuVS, cuDF SK’P

Agent= Bl 2 HIOIE{I7} 2, 22 jloI HAl SHECE
Agent =2 2o 7| HO|H Z=v|, AM, &, #E 0| FO[oof. 2 AFRE Z15517| /2 CUDA 2fol=2]Z|
A

A A
7|& CPU &AM DBMS Z|€E0| o HIo|H AT 715 Al5-2 22Foh= FE

cuDF= % HlolE] 714, cuV S HIY HIoIE| ZA4
DF &= ¢l CHE= 2| DBt M El= FF HIOIE|(BHEXM O 2 SQL)E W= 715t
cuVSE HAH= CllofE{Rtrt &t £[A] Q4= BT OB A7 & HME GPUR 714539}

oAl) Snap2 AFEAH 1B+ E3ME, CPU 2|2 AREAT =M 12|52 GPU 7|2 cuDFZ T 2 HIE 76% 2

= A0, —

Of[Al) f':*f SEOIM 2 S/ L& HWEZ HE Q14| 2 J7 2 cuVSE AREOHH Q0] 7|Ho = H=A| HAY

AgentOl|A DB X2|E =2tF= CUDA 2to|Ea2{2| OpenAl, Amazon ItEL{ 43} New DC

Agents - A New Computing Platform «2 NVIDIA Google Cloud ‘

MULTI-MCDAL PROMPT
"Our collaboration with NVIDIA and Google Cloud helps us innovate faster for more than a
billion Snapchatters worldwide. By lowering costs and scaling experiments across petabytes
of data, we're delivering Al-powered experiences more qu:ckly and efficiently.”

A/B Experimentation Platform
E8 Google Cloud Al Hypercomputer 45k CPUs to 1k GPUs

Flexible Consumption

AtZ : Nvidia, SKE# A}Z : Nvidia, SKZH



New SW && 3: Physical Al Data Factory kP

Physical Al TAMZ $50~70T (vs SW $2T)
VLM LLMZt HE|HO 2 OBt A4S Q7 O 2 AMEOo| ofl HE: Q1T T Q
22 HIO|E{ £ Pre-train, ©|¥ Isaac Lab, Cosmos B2 225104 Bt H|o|E{ A4 61X Post-train

xFHo= 222 GROOT, AHEFY A= Alpamayo 23

Data factory: &/d H|O|E] =T} gFA] &
22X, AR 7P 2 §=0| Hlo[E. Data factory= AlEal0]d - Z/JEIO|E] - post-training TO| 22012 BT}

—

2N HIo[E{7} T Wt2H| g/ Ho|E|Q] =2 ot ZEZ Ths £ U =&

AN E AH|C|Ot2| extreme co—design® OmniverseE A8 M|R5t] S E 3=

Physical Al Data Loop: &4 HIO|E{ ZQ DSX Al Factory Platform

NVIDIA DSX Al Factory Platform

Extreme Co-Design at Infrastructure Scale

> Pre-Trained Model > 0 » Post-Trained Model

il

A2 : Nvidia, SKEH At& : Nvidia, SKEH
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M, AHEC = 7%, E 22| EXl= 'dealing with it 22 g
1 NVIDIA Space-1Vera Rubin Module 571, At ES
GTCOIA N

P

I.
= 51& E5| edge Al 9| E& xO
2 J|A1=8 RAN QIZBHE Al 7h4 QIR ALG, Al OHEE;FOEEL clmajo| E2 s 2
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NVIDIA Al Aerial
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Chapter 4

NVDA: 88k 7tX = BUY
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— 7t

e 12MF PER ()
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410 ~
360
310
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Vertiv Arista

SK Hynix

— Dell

25/07 25/08 25/09 25/10 25/1 25/12
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25/01  25/03  25/05  25/07  25/09 25/M 26/01

26/01 26/02 26/03
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$1T o= 7HA1/del el

CY20277HX| Blackwell+Rubin £37t GTCE ?|1Z22 2 $1T o|ol2tt U= (vs AlH 118 ~CY2026 $0.57)
CY2025 DC Compute OiE2] 90%7t Blackwell2 FHE|H of= 2k $174B &, YA 3T $800B ooz =7
QnA MIHE B8l oli 3T 0= ANIE(LPX, STX )2 LHE EA| 917 Rubin UltraE 2280 X2 2401

LPX upsideE 25%, CPU upsideE& 5%, storagets CPUEL} &2 £2F 02 g FIIHQI ALY 713]= 30% % ©
CY2027 FF2HUE 3% &%l 7'5?

WEB2 T FCFO 50%E 2 AR Y o F 0= Ag (FY2023~ IHEW CHH| FCF HIB2 44~50%)

Zto|FHA 7|2 CY2027 OHE $600B(vs T $480B) 7 Al 32 £ E WA AIS($4.2T) 21& 3.5% Ol

~CY2027 5 7tA|d &t 9lE|3 FREA HYA| B2

— [ M)

BLACKWELL + RUBIN
S FY 2025 INBE
= ZZuilol (3/20 71

llH|Clof $41.4B $4,1268
o= $104.7B $4,0498
O3 2ATE $37.7B $3.644B
Sl $55.4B $3,6298
ULy $31.7B $1,843B
oiotE $0.0B $2,201B
HzZCcH $13.6B $1,357B

S e $0.0B $1,434B

A2 : Nvidia, SKEH A& : Bloomberg, SKZH




A L = s X

HAIECE 2 oA Moat) 57 K

SYAL O| 2X AU Z F1-5 0Lt TH|2ho)| 2t 71 oLt
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1) LPU & & ho| =7} ofF #LHd H71 {2 2L} Dynamolt Z2 SWOl| H&E 55 AAl0ll= AlZto] 72 2

2) Dynamoe M2 QEAAO|LL CUDA £%12 TA, Hl-Nvidia 7570l 20 E Z-85t7| o232

3) Scale out 57F, LPU C2C, Tt CPU - GPU & Al QIEERt GPU HEAZE 7|1'dE-ASIC 2L 2 LHA[SH| o2&
AMD= 21 & Rack scale Infra 75 Al, X0 2 FAMA|= Aof Col H22| 7HH £F2| Dol 2 Ho=z Y
CSP GA| LiE OJ:'E':E Nlelet CiAl= T2t 2R S WO 2 TY, 7|Y 8 T2t} o|ofTICHHA QAlH|C|of oA} R| &
AH|C|ot SHAL R[S 2 B= =2 GPM A&L HEE O §M FHUE =2 FFUEZ OO I Y 75
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rl

AMD-= 8X A|AEiof|A o|O| x}o|7} = Akt AMD Helios Rack 32t7| EA| ol

System Output Throughput vs Output Speed per Query .
‘  per Queny ‘ AMDZU | Advancing Al Infrastructure on an Annual Cadence

s-1208 (high) | S
8!8?00 TensorRT-LLM - Opt\ma\ @ 8xMI300X - vLLM

106845

2027

:VERANIT

TURIN womwmer A0 FENSANGC
MI400 SERIES ‘VULCANO®

“VENICE' | MI500 SERIES

System Output Throughput

30112 -
MI350 SERIES vl

" ‘POLLARA'

AL& : Artificial Analysis, SK3# A2 : AMD, SKS¥
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MEHH|S: 60% SIO|HAH YU, 40% LIHA|

FAZ|= Of=0l|M Sto|HAH|YU2{2| H|F0[ 60%, 10-K ?|& | Q| 2 OHE HIF 22% XM 14 % 2 1L 2F

Microsoft?} 19| 22AL Oracle EE= AW SZE 29| DZHALZ THEF B X|F NHAL= OpenAl HIBO| 2 4%

40%2| LIHA| O{=Z0f|M = Tier 2 Server GAlC| HIFO| 012 2 WO 2 =7 (Coreweave, Nebius 5), °|ExE Al Labs A|#

S| 4= OpenAl B

Z|Z OpenAld| $30B 2 £t OpenAls 7P SIE &2 C

2L} B2C MZ AMF2 o[0| =2 H|8O| O W2 EHE &

hatGPTE| £29lot HESH| O|2X|A| ¢i= &
=S O 2 Tt B2B ¥ Coding AgentOll TAPL YIS £ F

ollH|C|o} Mut O E H|E Coreweave(#), Oracle () £F Tt L OpenAl HIF

CUDA IN CLOUD
Al NATIVES

//
R H OpenAl B OpenAl
NCP u 7[E}
SCC ¥ Microsoft
SOVEREIGN Al
INDUSTRIAL Meta

ENTERPRISE

7|t

¢

> HYPERSCALERS

A2 : Nvidia, SKEH A& : ZF AL SKBH [ F: Microsoft TH DC 70% ©l4F OpenAl AHE Z=7
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ASP, 9lA Hgo|=

Blackwell CHH| RubinQ] ASP= 30% Ol 58 o2 73

NVL72 Rack = O = HEYI AIHE O1EH =5, SuperPod 74 FA| H|GPU O =
$1T 23 THOOM Rubin Ultra BHEH0| 2= CY2027H7A] MM A RS Aot 7|‘%A

23 7= oL A3 PR EARALE
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Vera Rubin Superpod Blueprint: ZFCHE .

BF4 STX Server Spectrum-X CPO Switch Groq 3 LPX Compute Tray
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NVIDIA Spectrum-6 SPX
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Spectrum-X Ethernet spine

NVIDIA BlueField-4 STX Storage

Fully Configurable up to 256 chips
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NVIDIA Groq 3 LPX
Direct Chip-to-Chip spine
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NVIDIA Vera Rubin NVL72
NVLink spine
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NVIDIA Groq 3 LPX
Direct Chip-te-Chip spine
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NVIDIA Groq 3 LPX Compute Tray

LPU C2C Spine Connectors

\ 8 NVIDIA Groq 3 LPUs

\

|
Fabric Expansion
Logic & DRAM

| < NVIDIA BlueField-4 DPU
Host CPU T or NVIDIA ConnectX-9 NIC

32 LPU C2C Optical Links

400 Gb/s Ethernet
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NVIDIA Vera CPU
Spectrum-X Ethernet spine
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NVIDIA BlueField-4 STX Storage
Spectrum-X Ethernet spine
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NVIDIA Spectrum-6 SPX
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